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Abstract

In this research it has been compared between two methods used to
recognize Arabic character, the first based on histogram technique to
extract the characteristic for the images of Arabic characters, and used with
Kohonen neural network to recognize the Arabic characters. The second
method was reliance on the seven invariant moment that extracted from
Arabic characters the adopted by back propagation neural network for
Arabic character recognition. In the first method, the Kohonen neural
network has been trained on vertical histogram values for a set of letters
(0«3 ¢ b b« w0« «®), and also it has been tested on a set of noisy

letters images, and the results were achieved true, and compatible with the
previous one. Also, kohonen network has been trained using horizontal
histogram for the same group of characters, and the results had lower
closeness from the results that obtained with vertical histogram. The results
were achieved true 66%. Again, several types of the backpropagation neural
network have been trained in seven invariant moment of the Arabic
characters(e «s ¢ 3¢, « B« gu ¢ « ¢ « o o) and it has been used several types

of the training functions that common used with backpropagation neural
network. The results were achieved true 75% . So, it is discern previously
that depending on vertical histogram values with kohonen neural network
gives higher closeness from horizontal histogram vales with kohonen neural
network and seven invariant moment with back propagation neural network.
In addition, when depending on the two histograms together, it was gives
bad results with other neural network as well as kohonen neural network.[
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